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Why Leverage Big Data Technologles
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I’ve got big data now what do | do?
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'g DataBench
Comparing and Assessing Approaches

Batch Data
Management

Streaming Data Streaming Data

Batch Data Analytics

Management Analytics

Data Pipes Data Pipes Data Pipes Data Pipes
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@ DataBench
What’s Important for my Organisation

Respondents were asked about the 7 main KPI categories selected by the DataBench conceptual
framework as measuring the most relevant business impacts:

e Cost reduction

Time efficiency

Product/service quality

Revenue growth

Customer satisfaction

Business model innovation

Increase in the number of New products or services launched
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What kind of Data do | have

» Gigabytes
= Terabytes
» Petabytes
= Exabytes

09-Nov-20

= Tables, files, or structured data
= Text data

= Graphs or linked data

= Geospatial or temporal data

= Media (images, audio, or video)
= Time series (including loT data)

» Structured text (XML, genomic
data, etc.)

= Relational database

management systems (RDBMS)
(e.g., Oracle 12c, IBM DB2,

Microsoft SQL Server)

* Columnar databases (e.g., SAP
Sybase 1Q, HP Vertica)

* In-memory databases (e.g., SAP
HANA)

= NoSOL databases (e.g.,
MongoDB, Splunk)

= Graph databases (e.g., Horton,
Meodj, etc.)

= NewSQL databases (e.g.,
MuoDB, Google Spanner)

» Hadoop

= Open source Big Data platforms
(not Hadoop) (e.g., Cassandra,
Apache Spark)

= Commercial Big Data platforms
(e.g., 1010data, Extrahop)

= Database appliances
(preconfigured system with

database management
software, compute and storage

resources, e.g., HP AppSystem
for SAP HAMA, Oracle Exadata)

© DataBench 2020
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= Structured and transactional

data is captured and curated
within a data warehouse or

operational data store
# Structured and unstructured

data from different locations,
including on-premise and in the

cloud, is captured and curated
across multiple repositories

» Enterprisewide repositories or
data lakes are used to capture,
organize, and curate data from
multiple sources and formats
across the organization

» Real-time data (for example, log
files, social media, and loT data)
is streamed and used alongside
other contextual data from your
Big Data environment

» The Big Data platform is

available/exposed to external
customers/partners and

developers to build and extend
data-driven applications
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What Paradigms and Techniques Do | use

Data Processing Paradigm Techincal Performance Metrics Analytic Techniques

* Batch processing * End-to-end execution time » Descriptive analytics

* Stream processing * Throughput * Diagnostic analytics

* Interactive/near real-time * Cost (e.g., $/transaction) * Predictive analytics

* [terative/in-memory = Accuracy/quality/data quality/veracity * Prescriptive analytics
* Availability
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@ DataBench
Statistical analysis: correlation matrix
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lg DataBench
BDVA Reference Model - DataBench Framework

Data Types Vertical Concerns

Structured Time Geo Media Text, Web,
Data/ series, loT Spatial Image Language, Graph,
business Temporal Audio Genomics Meta
Intelligence

Data Visualisation and User Interaction

Data Analytics
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Data Processing Architectures

Data Protection
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Data Management

Horizontal Concerns
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Cloud and High Performance Computing (HPC)
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Things/Assets, Sensors and Actuators (Edge, |oT, CPS)
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DataBench ToolBox

e

Technical

A technical user in DataBench is
someone that would like to search
for big data benchmarks to test
some specific big data tools, apps,
or Machine Learning methods.
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Business

This space is a summary of the
options implemented in the Toolbox
for a user interested in big data
benchmarking from the business
perspective.
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o
(e
Benchmark provider

The platform usefulness is not only
limited to storing information about
the benchmarks, they can also be
run from it if they are properly
integrated. Here will be explained
the tools and the steps needed to
integrate a benchmark.
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